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DeepStore's channel level design performs best due to parallelism
exploited and high reuse of weights

e . ,‘ A
.4; A ‘,‘ ...~»“ A 7 _“ o z A 7 R
oot T i & el ‘ AV
o ! il -
= : "
A1 ». S i
B . v ~
tl :'i"i i ;'-;’ I { ) I' : > _
2 i, SERIAN | - I 7 i ol o 0 § L
A o, W7 A e
1 4 YN
’ // ‘// war /”-l LS A
S ——— - — g . |
gy : // | B -
) ‘,"_:., n E - 77 \ j \/\
k25 Z : 747
2 2N
/ Similarity

{OWI on branch} Comparison

Network
Intelligent | GPUs

Query Cache

Optimization: exploit temporal locality and semantic similarity of queries
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Ql. A brown dog is running in the sand [Semantically}

Q2. A brown dog plays at the beach similar query
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Removal of SSD I/0 Bandwidth Compute in Storage
High throughput Compute Add DL accelerators to SSD
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DeepStore is up to 78x more efficient than GPU for intelligent

queries
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due to DeepStore's lower mis penalty
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